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The remarkable growth of power electronics­interfaced renewable generations in the elec­
tric power grid has the potential to pronounce the effect of frequency disturbances such as inter­
area oscillations. These low­frequency disturbances reduce transmission lines capacity, and at
worst even damage the power grid infrastructures. In this paper, we propose a novel control algo­
rithm to eliminate inter­area oscillations modes based on local measurements of frequency and the
system’s global average frequency. The performance of the proposed solution is investigated on
different multi­machine test systems with classic and detailed electromechanical dynamic models
through modal analysis and time­domain simulations. The modal analysis results indicate that all
the inter­area modes are damped for all test cases. Time­domain simulations also demonstrate that
the proposed control not only takes the system to near­zero inter­area oscillations but also improves
other power system stability measures such as transient stability and frequency nadir.
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The massive deployment of distributed energy resources (DERs) is set to profoundly trans­
form the twenty­first­century power systems. The high penetration of DERs has made the modern
grids susceptible to frequency instabilities. The growth of intermittent renewable energy resources
has pronounced the effect of frequency disturbance such as inter­area oscillations. This necessi­
tates new control laws to improve the damping of oscillations in power systems for the secure and
reliable operation of the grids. Below is a brief description on the terms that have been frequently
used in the thesis.
Inter­Area Oscillations are undesirable oscillations resulting from small disturbances in the
power grid with weakly connected tie lines; the group of generators in one side of tie line oscillate
against the group of generators in the other side of the tie lines.
Distributed Energy Resources (DER) are the spatially distributed resources in the physical
structure of the grid, which are predominantly renewable in nature.
Distributed Control System is a system of geographically distributed control elements with
no dedicated central controller.
1
1.2 Statement of Problems
Low frequency oscillations compromise the power transfer capability of transmission lines,
and have the potential to damage the power grid infrastructure. This work investigates the control
laws to improve inter­area oscillation damping through the control of DERs.
• Inter­Area Oscillation Damping through Active Power Control of DERs: Power System
Stabilizers have been fundamental to damp the low frequency oscillations. However, recent
literature [1] have proposed methods to damp the oscillations using the existing loads in the
system. However, to the best of my knowledge, there is a gap in the literature in the active
power control of DERs to damp the low frequency oscillations.
• Distributed Inter­Area Oscillation Damping through Active Power Control of DERs:
In recent literature, distributed control approaches in damping the low frequency oscillations
have been proposed [1–3]. None of the authors, however, propose distributed control of
DERs based on the local frequency deviation from the estimate of the average frequency of
the network.
1.3 Contributions
This thesis proposes novel control solutions to achieve near­zero inter­area oscillations.
The control design exploits local frequency measurements from phasor measurement units (PMUs)
combined with a communication network and local energy storage systems (ESS) in order to damp
inter­area modes. The proposed control adjusts the power output of a local energy storage system
2
(ESS) based on the difference between the local frequencies values and system average frequency.
The contribution of this thesis are as follows:
• Inter­Area Oscillation Damping through Active Power Control of DERs: First, a con­
trol solution is proposed in chapter 3, with a straight­forward control loop to adjust the power
output for each participating agent. In this platform, all network buses (or generation buses)
communicate their local frequencies with each other and calculate the system average fre­
quency at their end. The mismatch between local frequencies and the average frequency
through some proportional gains defines howmuch each generator must increase or decrease
its power output to contribute to inter­area oscillation damping. For the minimal impact on
the power network’s operation, the control is designed to tackle only the inter­area oscilla­
tions modes, without affecting the other dynamic modes.
• Distributed Inter­Area Oscillation Damping through Active Power Control of DERs:
Chapter 5 expands the framework in chapter 4 and proposes distributed control framework
to mitigate inter­area oscillations. In this platform, which is called distributed frequency
deviation control (DFDC) hereafter, each bus defines how much power to absorb or inject
in response to its own frequency deviation from average frequency to contribute in the inter­
area oscillation damping process. To avoid the need for a central communication platform,
DFDC employs a distributed average consensus process based on [4, 5] to let each bus have
a meaningful estimate about average frequency. As the objective of DFDC is to force local
frequencies to converge at any time to mitigate the inter­area oscillations, it increases (or
decreases) the power injection at any bus if the local frequency is lower (or greater) than the
3
average frequency. The other feature of DFDC is that it can be designed to address inter­area
oscillations only–without affecting the other dynamic modes of the system.
1.4 Thesis Outline
The rest of the thesis is organized as follows. Chapter 3 introduces some background on
graph theory, and small signal analysis. Chapter 4 presents the proposed control architecture for
a complete connected network, where all the agents (or generator) share information about their
local frequency. Chapter 5 expands the algorithm to work in a distributed fashion, based on the




Electric power grids experience oscillations or power swings between disperse geographi­
cal areas, which is a result of synchronous machines in one area oscillating against other generators
in farther regions connected by weak tie lines. These frequency excursions are known for reduc­
ing the transmission lines power transfer capabilities [6] and, when not damped, can cause serious
stability issues. High power transfers and weak interconnections between distant regions are the
main causes of such oscillations [7]. Currently, as traditional synchronous machines are being
slowly replaced by inverter­based energy resources, the electrical grid loses inertia and traditional
sources of oscillation damping, which can intensify low frequency modes. For example, authors
in [8] found that as ”photovoltaic (PV) generation increases, the damping of the dominant oscil­
lation mode decreases monotonically,” which suggests that inter­area oscillations escalate as PV
generation grows. Furthermore, because of the intermittent nature of distributed energy resources
(DER), recurring mismatches between the generation and load are expected to happen, disrupting
the angles between machines, and consequently enhancing inter­area oscillations.
The rapid increase in penetration of DER –especially variable renewable energy(VRE) sys­
tems including solar and wind–has caused some adverse impacts on power system operation such as
voltage [9], protection relay settings [10], and frequency [11]. Consequently, reliable operation of
power systems becomes a major concern for distribution and transmission system operators (DSO,
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TSO) [12]. After the recent advancement in addressing the adverse impacts of inherent intermit­
tency of DER on distribution system voltage profiles through smart inverters [13] and distribution
system control devices [14,15], their impacts on frequency rise has been the next concern for TSO.
These concerns are not only due to the intermittent nature of DER but also because of the loss of
the inertia in power systems as synchronous generators are gradually replaced by inertia­less power
electronic converters.
Historically, power system stabilizers (PSS) have been the most important component to
improve the damping of low­frequency oscillatory modes. They provide a stabilizing signal to the
exciter based on local measurements of frequency and/or power mismatch to produce an electrical
torque in phase with the rotor speed deviations to eliminate regional oscillatory modes. However,
PSS signals may intrinsically counteract with the voltage signals from automatic voltage regulators
(AVR) and deteriorate transient stability in case of sudden disturbances.
The recent advancements on wide­area measurement systems (WAMS) and smart grid ca­
pabilities in power systems, has equipped Transmission System Operators (TSO) with enhanced
power system monitoring capabilities through instantaneous communication between distant ar­
eas, which has allowed new real­time control approaches to surge [16,17]. These capabilities may
be utilized to develop cooperative solutions for frequency control including inter­area oscillation
damping.
Currently power system stabilizers (PSS), FACT devices [3], and energy storage systems
(ESS) [18] constitute the main actors of control architectures to damp low­frequency oscillations.
Some recent works on the literature [19–23] propose to use phasor measurement units (PMU) infor­
mation to fine­tune PSS devices to damp inter­area modes. In [21], for instance, PSS is adjusted to
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create a trade­offs between power system transients and small­signal responses. Other author such
as [1] propose to use PMU information as a decision parameter to curtail the load in specific clusters
of the network, in order to damp the inter­area oscillations. A similar approach is proposed in [2]
where wind turbine generation and the load aggregators are coordinated in a distributed fashion to
provide supplementary damping to the low frequency oscillation modes. For this, they adapt their
active power generations and consumption to support inter­area oscillation damping. Furthermore,
other works on the literature propose to coordinate FACT devices [3] and energy storage systems
(ESS) [18] to damp the low­frequency modes.
The high share of distributed energy resources (DER) that are unpredictable and variable
necessitates a real­time approach for PSS tuning. However, as central PSS­based centralized con­
trol architectures require fast and often expensive communication channels to exchange data, they
are not practical and reliable. Distributed solutions are one of the ways to address this concern.
So far, several methods based on distributed control are proposed to damp low­frequency oscilla­
tions [1–3]. A distributed approach is proposed in [2] to coordinate wind­turbine generation and
load aggregators to provide supplementary damping of the low­frequency oscillationmodes. As the
deployment of DER increases, a plethora of articles have investigated the pertinence and efficacy
of distributed algorithms in control and optimization of power systems. A distributed algorithm
is implemented to optimize generators’ output in [24], and DC optimal power flow is realized in
distributed fashion in [25]. Apart from addressing the computational complexity, the ability of
distributed algorithms to control and optimize with the limited information from the connected
neighbor helps to preserve privacy of information. Further, a distributed approach extends in con­
trol applications such as optimal frequency control of multi­area systems in [26], and a time­varying
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state­of­charge parameter is defined using a dynamic average consensus algorithm to implement
frequency control in [27]. Some distributed frequency control algorithms are also reported in lit­
erature where the main focus is on operating the power network at its optimal operation condition




This chapter introduces fundamental concept on graph theory, consensus algorithm, and
small­signal stability, which together build the foundation for the coming chapters.
3.1 Distributed Consensus Algorithms
3.1.1 Graph Theory
Network Notation: Let G denote a graph with the set of vertices V = {1, · · · , n} and the
edges E ⊆ V × V; G is restricted to simple, undirected graph without multi­edges and self­edges.
The cardinality of node, |V| is n and that of edge, |E| ism. We define Ni = {j ∈ V|(j, i) ∈ E and
j ̸= i} as the set of all the neighbors of the agent i excluding itself; the cardinality of the set |Ni|
is di, called the degree of the node i. The set of all real numbers is denoted by R, R∗+ as the set of
positive real numbers, and n as the number of agents of the network. In×n ∈ Rn×n is an identity
matrix, and 1n ∈ Rn is a unit vector.
Spectral Graph theory is the study of eigenvalues and eigenvectors to understand the graph
network. Let A be the adjacency matrix of graph G, and D be the degree matrix with the vertex
degree along its diagonal. Then, the graph Laplacian L ∈ RN×N can be expressed in matrix form
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as:




di i = j,
−1 i ̸= jand there is an edge (i,j)
0 otherwise
(3.2)
The Laplacian consensus dynamics is given by the equation
ẋ = −Lx (3.3)
where x ∈ RN is the values of corresponding vertices of the network. The spectral analysis on the
Laplacian graph shows that
0 = λ1(L) ≤ λ2(L) ≤ · · · ≤ λN(L) (3.4)
where λi denotes eigenvalue
Note that L is a symmetric positive semi­definite matrix, and the connectivity is revealed
by the algebraic connectivity λ2(L).
Following lemmas on graph network are listed below, which would be employed in later
chapters.
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Lemma 1 Communication topology between all the agents A(t) is connected at all times t ≥ 0.
i.e., λ2(L) ≥ 0
Lemma 2 Any bus i can exchange information only with its neighboring agents i.e. Ni = {j ∈
V|(j, i) ∈ E and j ̸= i}. The coloring scheme of the network is available.
Lemma 3 LaplacianMatrixL is positive semidefinite,
∑
j Lij = 0, and λ2(L) is the algebraic con­
nectivity of the network. The speed of convergence to reach the consensus in the iterative process
is governed by λ2(L) for it represents the convergence rate of the slowest mode [30].
3.1.2 Completed Graph
The communication network is modeled as a complete graph in which each pair of distinct












x = Wx (3.6)
3.1.3 Decentralized and Distributed Algorithms
Consensus algorithms are iterative process of searching for the consensus on some param­
eters. Based on their architectural framework, they are categorized in three types: centralized,
11




Figure 3.1 Figure showing the schematic of algorithms
In a centralized framework, one central entity calculates the average, and communicates
back to the agents. This algorithm has been employed for a long time, and still extensively used.
While it is often characterized by its simplicity, the computation and communication challenges
are quite serious. In decentralized algorithms, all agent can individually run the consensus process
in the presence of a master node(s) for tight coordination. This coordinator are often called by the
name of aggregators. While the large problem is divided among agents, but this is still vulnerable
to single point failure, and the concern for the confidentiality of data still alarms the participating
agents.
In distributed algorithms, each agent finds consensus based on its and neighbor’s informa­
tion. Some of the characterizing features of distributed algorithms are worth listing here [32].
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• Scalibility: The size of optimization problem doesn’t growwith the network size as compared
to centralized framework.
• Robustness: Most of the distributed algorithms can be modeled to handle communication
delays, packet drop, plug­and­play etc.
• Data Privacy: Distributed algorithms do not need to trust a single entity to collect data, and
facilitate the optimization process.
3.1.4 Dynamic Average Consensus
Let x0 ∈ Rn be the initial value at each node of G, where x0 = {x01, · · · , x0i , · · · , x0n}
. In a fully distributed algorithm, any agent i = {1, · · · , n} has to calculate the average of the




i , from the information of its own and that of neighbors’. Let us








j , i = 1, . . . , N (3.7)
where k = 0, 1, 2, . . . and wij is the weight on xj at node i, andNi denotes the set of all neighbors
of agent i. Setting wij = 0 for j /∈ Ni, this iteration can be written as







whereW = [wij] = [W1, · · · ,WN ] ∈ RN×N withWi ∈ RN×1. According to [33], the constraint
on the sparsity pattern of the matrixW can be expressed asW ∈ S , where
S =
{
W ∈ RN×N |Wij = 0 if {i, j} /∈ E and i ̸= j
}
(3.10)
and (3.8) can be written as
xk = Wkx0, k = 0, 1, 2, · · · (3.11)







This brings to state the following Lemma on weight matrixW.
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ζ(W− 11T/N) < 1
(3.13)
where ζ(·) is the spectral radius of the matrix, 1 = [1, · · · , 1]T is the eigenvector associated with
weight matrixW, and 1T is the transpose of 1.
The coefficients of matrix W determines the speed of the convergence. Constant edge
weight and local degree weight matrices are discussed in [33]. The local degree weight matrixW









max{di,dj} i = j
0 otherwise
(3.14)
Thismethod is implied from theMetropolis­Hastings algorithm and often calledMetropolismethod.













where ϵ is a very small number. The average consensus described by (3.8) can be extended to on a
consensus on general time varying signal [5].
Dynamic AverageConsensus: Let∆z be the input bias applied to average consensus system.
We can claim that the following modification to (3.8) makes the dynamic consensus algorithm track
the time­varying average consensus:
xk+1 = Axk +∆z (3.16)
where the bias ∆z is equal to zk+1 − zk. See the authors’ previous paper [24] for more details on
convergence of average consensus and dynamic average consensus. Figure 3.2 shows an example



































Figure 3.2 Communication Network for IEEE 39­bus; the value in each node can be thought as
changing over time and each node estimates the average of the network in a distributed
fashion
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3.2 Small Signal Stability
Small signal stability analysis is characterized by the ability of the power system to keep
its synchronism while subjected to small disturbances. This analysis is applied into the linearized
system models under a given balanced condition and provides useful information on the level of
safety in which the system is operating [35].
Small disturbances, like the normal small fluctuations in the system loads or small changes
of the set values of some parameters, are always present in a power system. They normally re­
sult in power (or electromechanical) oscillations that are stable; in other words, the oscillations are
positively damped and decay with time. On the other hand, these spontaneous oscillations may
occasionally grow in amplitude with time, because of insufficient damping. This leads to sus­
tained low frequency oscillations that cause loss of synchronism. The low frequency oscillations
of the inter­area mode of the system are investigated in depth, since their interaction with forced
oscillation can lead to resonance phenomena. For that purpose, modal analysis and linearization
techniques are of great importance, as they set the basis of the low frequency oscillations. The
purpose of this section is to describe the theoretical background of these concepts.
3.2.1 State­Space Representation
The dynamical behavior of a nonlinear system may be described as a set of n first order
nonlinear ordinary differential equations of the following form:
ẋi = fi(x1, x2, . . . , xn;u1, u2, . . . , ur, t) (3.17)
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Assuming that the derivatives of the state variables are not time dependent, we can rewrite (3.17)
in the vector form as
ẋ = f(x,u) (3.18)
where x is a column vector referred as the state vector, and its entries as state variables. The column
vector u is a vector of inputs that are applied to the system, which influence its dynamics. We are
often interested in output variables which can be observed on the system. These maybe expressed
in terms of the state variables and the input variables in the following form:
y = g(x,u) (3.19)
Where y is a column vector of outputs, and g is a vector of nonlinear functions associating the states
and inputs to the output variables.
3.2.2 Eigenproperties of the state matrix
3.2.2.1 Eigenvalues
The eigenvalues of a matrix are given by the values of the scalar parameter λ for which
there exist non­trivial solutions to the equation
Aϕ = λϕ (3.20)
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where A is a n × n matrix and ϕ is an n × 1. In order to determine the eigenvalues, λ, (3.20) can
be rewritten as the following
Aϕ − λϕ = 0 (3.21)
For a non­trivial solution
det(A− λI) = 0 (3.22)
The development of the determinant on (3.21) results in the characteristic equation of A and its
roots, λ = λ1, λ2, . . . , λn, are refereed as eigenvalues, which can be either real or complex. An­
other characteristic of it is that similar matrices or conjugated matrices will always have the same
eigenvalues. Those can be also refereed as the modes of a system they carry out important infor­
mation about the oscillatory modes of the system it represents. The equation (3.23) displays the
components of the eigenvalues the real part of the refereed as σi shows represents the damping of
the ith mode the imaginary component , ωi, gives the oscillation frequency of the ith mode.
λi = σi ± jωi (3.23)
The oscillation in hertz can be obtained by the equation (3.24) and the damping ratio of the












Oscillatorymodes will diminish for negative values of σi, and those constitute stable modes.
On the other hand, negative values of σi represent a exponential growth in the amplitute of these
modes, in which case the system will be unstable.
3.2.2.2 Eigenvectors
For any λi the column vector ϕi that satisfies the equation (3.20) is refereed as right eigen­
vector of A associated with the eigenvalue λi. Therefore , we have
Aϕi = λiϕi (3.26)
The left eigenvector ofA corresponding to the eigenvalue λimust satisfy the equation (3.27)
ψTi A = λiψTi (3.27)
Where ψTi is a row vector 1 × n. The left and the right eigenvectors corresponding to
different eigenvalues are orthogonal. Therefore for λi and λj the product of the left eigenvector
with the right eigenvector must be equal to zero as it is shown in equation (3.28).
ψiϕj = 0 (3.28)
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On the other hand, for the same eigenvalues the product should result in a scalar as expressed
in equation (3.29).
ψiϕi = Ci (3.29)
Where Ci is a non­zero constant, for this reason it is a common practice to normalize the
vectors so then the results of (3.29) equals to 1.
3.2.3 Modal Matrices
In order to express the aforementioned properties in a convenient way we introduce the
modal matrices notation.
Φ = [ϕ1 ,ϕ2 , . . . ,ϕn ]
Ψ = [ψT1 ,ψ
T





In addition to that, we introduce notation of the diagonal matrixΛ containing all the eigen­
values of a system as
Λ =

λ1 0 . . . 0
0 λ2 . . . 0
...
... . . .
...
0 0 . . . λn

(3.31)
Each of these matrices is n× n and the equations can be expanded as follows.
AΨ = ΦΛ (3.32)
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ΨΦ = I Ψ = Φ−1 (3.33)
ΨAΦ = Λ (3.34)
3.2.4 Linearization of the system
The stability of a linear system is fully independent of the system’s input, and initial states,
i.e.: the states of a stable system with zero input will always retreat to the origin of the state space,
independently of themagnitude of its finite initial [35].On the other hand, the stability of a nonlinear
system is bounded to its initial state and input magnitudes. Therefore, one of the ways to understand
the stability of such systems under different conditions is to use linearization techniques. Those
can provide the means for engineers to have a good understanding of the stability of the non­linear
system.
Let x0 be the vector containing all the initial values of each state variable being modeled in
our system, and let u0 be the the vector containing all initial input magnitudes. We are assuming
that at t = 0 the system is at rest and therefore:
ẋ(t) = f(x0,u0) = 0 (3.35)
By applying a small perturbation at the states and inputs we have the following:
x = x0 +∆x ,u = u0 +∆u (3.36)
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Where∆ denotes a small deviation on the parameter it precedes. In this new condition the equation
(3.18) will still hold true, and we can develop it as
ẋ = ẋ0 +∆ẋ
= f[(x0 +∆x), (u0 +∆u)]
(3.37)
Since the perturbations are considered to be small, the nonlinear function f(x, u) can be
expressed in terms of Taylor’s series expansion. With terms above second order being neglected
we may write for each individual state xi
ẋi = ẋi0 +∆ẋi0





























with i = 1, 2, . . . , n. The same process can be applied in equation (3.19) leading to with j =















Therefore, the linearized form of equations (3.18) and (3.19) are
∆ẋ = A∆x+ B∆u (3.41)
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
The aforementioned partial derivatives are calculated at the equilibrium point about which
the small perturbation is being analyzed.
• ∆x is the state vector of dimension n
• ∆y is the output vector of dimensionm
• ∆u is the input vector of dimension r
• A is the state matrix or plant matrix of dimension n× n
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• B is the control or input matrix of dimension n× r
• C is the output matrix of dimensionm× n
• D is the matrix that characterizes the portion of input which appears on the output, its dimen­
sion ism× r
By applying the Laplace transform on the the above differential equations, we obtain the
following state equations in the frequency domain:
s∆x(s)−∆x0 = A∆x(s) + B∆u(s) (3.43)
∆y(s) = C∆x(s) + D∆u(s) (3.44)




[∆x0 + B∆u(s)] + D∆u(s) (3.45)
The Laplace transform of ∆y(s) has two components, one dependent on the initial con­
ditions and the other on the inputs. These are the Laplace transforms of the free and zero­state
components of the output vectors. The poles of ∆y(s) are the roots of the equation
det(sI− A) = 0 (3.46)
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The values which satisfy (3.46) are known as eigenvalues of matrix A, and the equation is
refereed as characteristic equation of matrix A. The small signal stability of a non­linear system
is dictated by the values the eigenvalues assume which can fall under the following categories.
Let λ1, · · · , λm m ≤ n be the eigenvalues of A
• asymptotically stable iff |λi| < 1,∀i = {1, · · · ,m}
• stable if |λi| ≤ 1,∀i = {1, · · · ,m}
• unstable if ∃ i such that |λi| > 1
3.2.5 Dynamic Modes of a System
If we consider no input values at equation (3.41), we will obtain the Free Motion equation
of the system (3.47).
ẋ = Ax (3.47)
This equation states that the rate of change of each state variable, is a linear combination of all
state variables. For this reason it is difficult to isolate the parameters that have the most impact
on the motion. In order to eliminate the cross­coupling between the state variables, the system in
transformed to an linear time invariant (LTI) system whose state matrix is diagonalized based on
the modal matrices.
z(t) = Ψx(t) = Φ−1x(t) (3.48)
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consequently
x(t) = Φz(t) (3.49)





Thus the dynamic system (3.50) represents n uncoupled first order differential equations of
the general form.
żi = λizi (3.51)
Which has the solution with respect to time t is given by
żi(t) = zi(0)e
λi(t) (3.52)
where zi(0) is the initial of zi, which can be determined from (3.48)
zi(0) = ψix(0) (3.53)
which is a scalar and will be denoted by ci. Furthermore, x(0) is a n­row vector containing the
initial values of the system states. Through (3.48), (3.51) and (3.53) the solution of the dynamical







Or if we write in terms of the time response of the ith state variable
xi(t) = ϕi1c1e
λ1t + ϕi2c2e
λ2t + . . .+ ϕincne
λnt (3.55)
Thus, the free response of a linear system is given by a linear combination of its n dynamic
modes corresponding to the n eigenvalues of the state matrix A. The equation (3.54) suggests that
the right eigenvector dictates the distribution of each dynamic mode among the state variables x.
And equation (3.53) expresses that the left eigenvector weights the initial condition x(0) contribu­




This chapter introduces the proposed control method, and displays the time domain results
of its implementations in the eleven bus area system from [35]. Moreover, the stability of the
proposed algorithm is also validated through small signal analysis of the system IEEE 39 bus case.
4.1 Coordinated Inter­Area Oscillation Damping Control
4.1.1 Proposed Modifications in Synchronous Machine Control Systems
Consider a power grid composed by a graph with nodes (buses) V := {1, . . . , n} and edges
E ⊆ V × V (transmission lines). We consider a small­signal version of a network [6, 37] where
the passive loads are eliminated via Kron reduction [38], and the active i buses present a linearized
dynamics.
miω̇i + diωi = pin,i − pe,i, i ∈ {1, . . . , n} (4.1)
to represent its frequency dynamics.
This chapter was published in Innovative Smart Grid Technologies 2021 (ISGT) [36]. Permission is included in
Appendix A.
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Where pin,i and pe,i are the initial mechanical power output and electrical power output at
bus i, respectivelly. To mitigate the inter­area oscillations of this power system, we propose a novel
feedback control, which is called frequency deviation control (FDC) hereafter, which generates an
additional control signal pc,i, defined as
pc,i = k(ωi − ω). (4.2)
where k is the gain for the proposed coordinated controller, ωi and ω̄ represent the local frequencies
in bus i and the grid average frequency respectively. For any generation bus i, pc,i is a electrical
power exchange between the machine at bus i and a local ESS located at the same bus, where
power exchange value is given by (4.2). Adding the control contribution into (4.1) we obtain the
following.
miω̇i + diωi = (pin,i − pc,i)− pe,i, i ∈ {1, . . . , n} (4.3)
as the updated swing equation of bus i. The control signal pc,i is designed to decrease the power
generation on any bus iwhen ωi > ω̄ and vice versa. Therefore, the control is expected to drive the
local frequencies to converge to average frequency ω̄ at each moment and eliminate the inter­area
oscillation modes.
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Fig.4.1 depicts the frequency control structure of an n­bus power system with FDC high­
lighted in red. As illustrated, controllers on all buses includes some control systems and are con­
nected to a power grid to exchange power and to a communication layer to exchange data with the
other controllers. They continuously communicate their local frequency measurements with the
other buses, so every bus has access to the instantaneous value of the system average frequency.
FDC then adjusts power input requirements by computing the difference between local frequency































































Controller on Load Buses
Figure 4.1 Left shows the frequency control structure of an n­bus power system with FDC high­
lighted in red, with a communication layer allowing buses to share their local fre­
quency. Right illustrates the diagram showing connection of ESS in the grid
Remark 1: For DER buses where the generation is provided from inverter­based energy
resources e.g. energy storage and photovoltaic systems, pc,i is applied to the net power generated
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by these resources. For anyDER bus i, the corresponding swing equation follows the same equation
and platform as (4.3) and Fig. 4.1 where Pin,i denotes the total power output of DER,mi accounts
for the total virtual inertia emulated by power electronic control devices, and di denotes the total
droop control coefficients [39, 40].
Remark 2: It is intended to design the solution to target inter­area oscillations only with
minimal impact on the other dynamic modes of the system. That is, it must not affect the current
operation of the power system from stability point of view. While the values of coefficients k could
be different at different buses, selecting one value for all the controllers ensures that the total power






(ωi − ω̄) = 0. (4.4)
Thus, synchronous generators must coordinate with each other to agree on applying the same coef­
ficients in their inter­area oscillation control loops to ensure the total power injection to the grid as
a result of FDC is zero at any time. As a result, FDC does not change the total damping and inertia
of the network and just targets the inter­area oscillation modes with no impact on other dynamic
modes.
Remark 3: Moreover, it was assumed that the communication network connecting the
agents is reliable and stable, allowing them to share their information with its neighbors in close
to real time. Based on all the aforementioned assumptions the model’s formulation is expressed in
equation (4.2).
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4.1.2 Classic Electromechanical Dynamic Model
We are interested in modeling the machine control system as a linear dynamic system. Here,
we discuss the impacts of FDC on classical state­space representation for power system dynamics
where the dynamic model of each bus is represented by its total inertia and damping and transmis­
sion lines are assumed to be purely inductive. With the state equation δ̇ = Ωbω for rotor angle
δ ∈ Rn×1 and the definition of pc,i from (4.2), the swing equation (4.3) can be written in vector
format as
Mω̇ + Dω = Pin − k(ω −ω)− Pe (4.5)
with ω = [ω1, · · · , ωn]T , ω̄ = ω̄1n,M = diag{mi}, and D = diag{di}.
Replacing ω̄ with the definition of average from (3.6) leads (4.5) to
Mω̇ + Dω = Pin − k(In×n −W)ω − Pe (4.6)
With definition of the Laplacian matrix L for the network as L = (In×n − W), (4.6) is
simplified to
Mω̇ + (D+ kL)ω = Pin − Pe (4.7)
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bij (δi − δj) , i ∈ {1, . . . , n} (4.8)
where bij ∈ R∗+ is the susceptance between the buses {i, j} ∈ E [35]. Let us introduce the matrix
for our network B = BT ∈ Rn×n such that the elements Bij = −bij for off­diagonal elements and
Bii =
∑n
j=0,j ̸=i bij for diagonal values. If no lines exist between any bus i and j, the parameterBij
is equal to zero. Consequently,
Pe = Bδ (4.9)
and the state equation for the state variable ω is equal to
ω̇ = M−1(Pin − Bδ − (D+ kL)ω) (4.10)















Note that (4.11) represents the classic electromechanical dynamic model of the power net­
work, which neglects the inherent electromechanical dynamics of synchronous machines and its
controllers such as governor, automatic voltage control (AVR) and PSS.
4.1.3 Detailed Electromechanical Dynamic Models
As the classical electromechanical model (4.11) neglects the electromagnetic dynamics of
synchronous machines, its adoption on modal analysis may lead to inaccurate results. For this rea­
son, a detailed dynamic model was obtained, for various test cases, using PSAT [16]. Afterwards,
the proposed control was added into the linearized system matrix as it is shown in (4.14).
Let (4.12) represent the detailed linearized dynamic model of a network obtained from PSAT as
ẋ = Ax+ Bu (4.12)
for state vector x and control input vector u, we discuss here how it is modified by FDC in this
chapter.
Let us divide the state vector x ∈ RN into three partitions: the angular deviation vector
δ ∈ Rn in rad/sec, the electrical speed deviation ω ∈ Rn in p.u., and a state vector y ∈ RN−2n























Similar to (4.11), FDC just modifies the rows corresponding to ω̇ in (4.13) by subtracting
the term kM−1Lω from its current value. Thus, the only modification required is to replace Aωω






















4.2 Simulation Results and Discussion
This section presents the modal analysis simulations results, for both aforementioned mod­
els. The state­space models were built for IEEE 14­bus case and the two­area system test case is
from [35]. This section also includes time domain simulation, when a small disturbance is applied
on the system with the control and without the control.
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4.2.1 Modal Analysis
The proposed control modal analysis is firstly studied on the classic electromechanical dy­
namic models of IEEE 14­bus test system. Afterwards, the analysis is expanded to the detailed
electromechanical dynamic models of the Kundur’s two­area multi­machine test system adopted
from [35] and IEEE 14­bus test system.
4.2.1.1 Classic Electromechanical Dynamic Models
To investigate the impacts that FDC has on inter­area oscillations, (4.11) has been setup
with different values of k for IEEE 14­bus test system. The results, illustrated on Fig. 4.2, shows
the eigenvalues for this test system for various gains of k.

















No control (K = 0)
With control (0 < K < 100)
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Figure 4.2 Dynamic modes of IEEE 14­bus test systems based on the classic electromechani­
cal dynamic model of synchronous generators, without and with FDC with variable
control gain k ∈ (0, 100]
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Initially, with no gain, most modes damping ratio falls bellow 1%,meaning that thosemodes
are poorly damped and its oscillatory behavior lasts for many seconds after a disturbance. On the
other hand, when the control is applied, it is evident that, as the gain k increases, the initially poorly
damped, modes move towards higher damping ranges, confirming a more stable behavior of the
system.
The subplot within Fig. 4.2 shows two modes which are not affected by the FDC. One of
these modes lies on the origin, representing the rotor angles part of the state variables. The other




imi), equals to the
single dynamic mode of the lumped model of the test system. The same roots also appear if the
impacts of transmission lines are neglected–i.e. B = 0n×n. This also confirms that applying FDC
with sufficiently high gain diminishes the oscillatory modes completely, removes the impact of
the transmission lines on the dynamic model of the power systems, and leads the dynamic model
of the power system to that of the corresponding lumped model. This is equivalent to one single
frequency waveform for all buses and zero (or near­zero) inter­area oscillations in the system.
4.2.1.2 Detailed Electromechanical Dynamic Models
While a classic electromechanical dynamic model is a handy, straight­forward model to
quickly capture the performance of FDC, it is not a reliable model to comprehensively analyze a
real power system where electromagnetic dynamics of synchronous machines and other controllers
on the grid matter. One must take these dynamic systems into account for a thorough modal analy­
sis. Here, the detailed dynamic models of Kundur’s two­area multi­machine test system and IEEE
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14­bus test system are generated using the method explained in 4.1.3. Using (4.14), these dy­
namic models are modified to include FDC with a variable gain k, with the results being shown
in Fig.4.3. Where Fig.4.3(a) illustrates all the existing eigenvalues for Kundur’s test system. The



































Figure 4.3 Dynamic modes of two test systems based on the detailed electromechanical dynamic
model of synchronous generators, without and with FDC with variable control gain k:
(a)­(b) Kundur’s test system k ∈ (0, 500]; (c)­(d) IEEE 14­bus test system k ∈ (0, 100]
low­frequency modes, demarcated by the blue rectangle, is shown in details in Fig.4.3(b). Notice
that the damping of those modes increases as the gain k is incremented, confirming the assumption
that the system performance is improved for higher gains of k. Investigation on the critical value
and the choice of optimum gain parameter k are beyond the scope of this work.
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Similarly, inter­area oscillation modes of the IEEE 14­bus, depicted in Fig. 4.3(c), has
initially most of its eigenvalues within 20% of damping ratio and has the gain k increases up to 100
those modes move towards higher damping areas.
Note that the impacts of FDC on the other dynamicmodes other than the ones corresponding
to inter­area oscillation are trivial, which clearly shows that the FDC gain k can increase for even
better inter­area oscillation damping without significant effect on other dynamic models of the
system.
4.2.2 Time­Domain Analysis
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Figure 4.4 Time­domain frequency response of Kundur’s test system in response to a 12­cycle,
5% voltage increase on generator 1 with and without FDC for different PSS configu­
rations: (a),(e) No PSS; (b),(f) multi­band PSS; (c),(g) ∆ω Kundur PSS; (d),(h) ∆Pa
PSS
As the final analysis, a time domain analysis is performed on Kundur’s test system [35] to
investigate local frequency waveforms when FDC is applied. These models are built in MATLAB
Simulink with four different PSS setups, which are: i) no PSS, ii) multi­band PSS (MB­PSS), iii)
conventional PSS with frequency mismatch as input signal (∆ω Kundur PSS), and iv) conventional
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PSS with power disturbance as input signal (∆Pa PSS). All the models are tested against a 12­cycle
increase in voltage of generator 1 by 5% at t = 1s.
Fig. 4.4 depicts the frequency waveforms of all the buses for different PSS setups (columns)
with and without FDC (rows) when the disturbance scenario occurs. The control gain k is set to
1000 in all cases. Comparing Figs. 4.4(a) and 4.4(e) suggests that the FDC not only removes the
inter­area oscillations, but it also supports the frequency stabilization after the disturbance. For
the cases where MB­PSS and ∆ω Kundur PSS are utilized–i.e. Figs. 4.4(b), 4.4(c), 4.4(f) and
4.4(g)–two significant improvements are identified. First, FDC enhances the inter­area oscillations
damping significantly, as all frequency waveforms travel together where it is employed. Secondly,
it reduces the frequency nadir from 0.48 Hz (MB­PSS) and 0.72 Hz (∆ω Kundur PSS) to around
0.015 Hz in both cases.
Figs. 4.4(d) and 4.4(h) also illustrate that when ∆Pa PSS is employed, FDC reduces fre­
quency nadir and enhances the inter­area oscillation damping by forcing all the local frequencies
to be equal to each other at any time. The improvement can be seen in the first 10 seconds after the
disturbance happens, the oscillation that remains afterwards, is purely result of the PSS that is being
used. If we compare the other implementations with the ∆Pa PSS, it can be notice the former is
the only case where the oscillatory dynamics persists after the disruption happens. Moreover, it is
also important to point out that this oscillation does not represents a inter­area mode since all the
four frequencies are traveling together in this case.
Besides, in all the stable cases, it can be seen that the final value of frequencies with and
without FDC are the same, i.e. employment of FDC does not change the steady­state frequency
deviation. As discussed in Remark 2 in Section 4.1, the underlying reason is that the same gain k
41
applied to all synchronous machines, and thence other dynamic modes remain unchanged if FDC
is applied.
4.3 Summary
In this chapter, we introduced the Frequency Deviation Control algorithm, which solely
based on the local frequency measurements was able to enhance inter­area oscillation in post­
disturbance scenarios. The control implementations requires a completed connected network, full
cooperation between the existing agents, and allocation of local ESS close to the generation buses.
The efficacy of the proposed method was demonstrated through modal analyses and time domain
simulations for IEEE 14 bus system and Kundur two area system [35].
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CHAPTER 5
DISTRIBUTED INTER­AREA OSCILLATION DAMPING CONTROL
In this chapter, we expand the algorithm presented in Chapter 4 into a new platform, called
Distributed Frequency Deviation Control (DFDC). This algorithm employs a distributed average
consensus process [4, 5] to let each agent to have a meaningful estimate about average frequency,
based on its direct neighbors information, in a incomplete network graph. This iterative process
allows each bus to define its power absorption or injection in response to the frequency information
its has from its neighbors. This implementations avoids the need for a central communication
platform, or a complete communication network bridging the generation units. The results show
that this method also contributes with the inter­area oscillation damping process.
5.1 Power System Model
Lets simplify the power system as an equivalent synchronousmachine to in order to study its
dynamics. Let ωs be the per unit angular rotor speed, pin and pe are the mechanical per unit power
input and electrical power output respectively, then the mechanics of motion of a synchronous
This chapter was published in IEEE International Conference on Smart Grid Communications 2021 (SmartGrid­
Comm) [41]. Permission is included in Appendix B.
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= pin − pe −Dωs (5.1)
where H is inertia constant, D is the damping torque.
In order to study the frequency dynamics, we express ∆ω, defined as ∆ω = ωs − 1, as
the per unit deviation of frequency from its nominal value. Also, let us define ∆δ as the angular
position of the rotor in electrical radians with respect to a synchronously rotating reference and Ωb
as the reference base frequency in rad/s. Based on (5.1), the mechanics of motion of a synchronous
machine in response to any mechanical and electrical power disturbances– denoted by ∆pm and
∆pe– can be expressed as




(∆pin −∆pe −D∆ω) (5.3)
where M = 2H is the starting time of the machine. (5.3) is referred to as swing equation as it
represents the swings in rotor triggered by the disturbances. For convenience, the symbol ∆ is
removed from the equations appearing hereafter, letting δ, ω, pm, and pe denote the disturbances
instead of the actual parameter values.
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5.2 Proposed Model
5.2.1 Distributed Frequency Deviation Control Unit
Consider a connected power systems network modeled as a graph network with nodes
(buses) V := {1, . . . , n} and edges (transmission lines) E ⊆ V × V . Let Gp ⊂ V be the set of
buses with the generating unit. For i ∈ Gp, the small­signal version of the power system model,
(5.3) can be written as [6]
miω̇i + diωi = pin,i − pe,i, ∀i ∈ Gp (5.4)
to represent its frequency dynamics. We propose a communication based distributed control called
distributed frequency deviation control (DFDC) to mitigate the inter­area oscillations of the power
system, where every bus i ∈ Gp in the grid estimates the average frequency of the network by
communicating with only its directly connected neighbors. Based on the deviation of local fre­
quency ωi from the estimated average frequency γi, a control signal pc,i is generated. This signal
is equivalent to the amount of electrical power to be injected or drained from the power grid by a
local ESS on bus i ∈ Gp. Thus,
pc,i = K(ωi − γi), ∀i ∈ Gp (5.5)
where K is the gain for the proposed DFDC. In practical applications, this gain is constrained by
the physical limits of the local ESS, i.e., the higher the ESS’s power rating the higher values of K
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are possible. Adjusting (5.5) into (5.4) leads to
miω̇i + diωi = pin,i − pe,i − pc,i, ∀i ∈ Gp (5.6)
as the updated swing equation of bus i. When ωi is higher than γi, the control signal pc,i is positive
signaling the local ESS to absorb power, which drives the local frequencies to converge to the
estimate of the average frequencies γi thus eliminating the inter­area oscillation modes.
The proposed DFDC is depicted in dashed­red in Fig. 5.1. As illustrated in the control
architecture, the proposed control continuously adjusts power input requirements by computing
the difference between local frequency deviation (ωi) and the estimation of the average frequency
deviation (γi) on the grid multiplied by a gainK.
Remark 1: For the buses where the generation is provided from inverter­based DER e.g. en­
ergy storage and photovoltaic systems, pc,i is applied to the net power generated by these resources
and it follows the corresponding swing equation as (5.6). In Fig. 5.1, Pin,i denotes the power output
of DER,mi and di account for the total virtual inertia of bus i emulated by power electronic control
devices and the total droop control coefficients respectively [39, 40].
Remark 2: The values of coefficientsK could be different at different buses but the selection










































































Controller on Load Buses
Figure 5.1 Left shows the frequency control structure of an n­bus power systemwith DFDC high­
lighted in red dashed lines, with a communication layer allowing buses to share their
local frequency measurements with their directly connected neighbors to calculate av­
erage frequency via distributed average consensus.Right illustrates the diagram show­
ing connection of ESS in the grid
The fixed gain K ensures that the DFDC doesn’t change the total damping and inertia of the net­
work. That is, it just targets the inter­area oscillation modes with no impact on other dynamic
modes.
Remark 3: In the distributed platform employed for dynamic average consensus, each bus
just relies on its local measurements and its neighbors’. Thus, the distributed feature of the al­
gorithm is achieved and local communication channels are sufficient. Also, in this chapter, the
communication channels are assumed stable and reliable, which allows agents to share their infor­
mation with its own neighbors in real­time with no delay or data loss.
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5.2.2 Small­Signal Stability Analysis of Wide­Area Power Systems
Let γ ∈ Rn×1 be the estimate of the average frequency by all the agents, where γ =
[γ1, · · · , γi, · · · , γn]T . According to (3.16), the estimate of the average frequency of the network




k + ωk+1i − ωki (5.8)
where A = AT = [A1, · · · ,An] ∈ Rn×n is derived from Mean Metropolis on, (3.15) Ai ∈ Rn×1.
For the entire network, (5.8) can be written in a matrix form as:
γk+1 = Aγk +ωk+1 −ωk (5.9)










The iterative process of calculating γ and sharing information can be translated into real time as­
suming that each iteration k happens in a tiny fraction of time ∆t such that ∆t→ 0. Thus.
γ̇ = Lγ + ω̇ (5.11)
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where L = A−In×n
∆t
. Defining an auxiliary parameter β = ω − γ which is differentiated and substi­
tuted in (5.11) giving:
β̇ = −Lγ (5.12)
Consequently,
β̇ = Lβ − Lω (5.13)
The state equation for rotor angle δ ∈ Rn×1 is:
δ̇ = Ωbω (5.14)
Substituting pc,i in (5.6), we get:
Mω̇ + Dω +Kβ = Pin − Pe (5.15)
where M = diag{mi} and D = diag{di} are diagonal matrices containing the values of inertia
and damping.
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In order to expand Pe to write in state equations, we assume no line losses, i.e. purely




bij (δi − δj) , i ∈ V (5.16)
where bij ∈ R∗+ is the susceptance of the line {i, j} ∈ E between the buses i and j . We introduce
the matrix for our network B = BT ∈ Rn×n such that the elements Bij = −bij for i ̸= j , the
elements Bij =
∑n
j=0,j ̸=i bij for diagonal values, and Bij = 0 for ij /∈ E Consequently,
Pe = Bδ (5.17)
and the state equation for the state variable ω is,
ω̇ = M−1(Pin − Bδ −Dω −Kβ) (5.18)






















This model is used in our simulations for both modal analysis and time­domain simulations.
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5.3 Case Study
In this section, the effects of the DFDC are evaluated on two IEEE test systems (57­bus and
118­bus) through modal analysis and time­domain simulations. In our simulation for IEEE 57­bus,
total inertia of 50.3 and a total damping of 5.9 are distributed between buses proportional to the
total capacity of generation installed on each bus. For IEEE 118­bus, same allocation rule is used
to distribute total inertia of 253 and total damping of 11.8 among the system buses.
5.3.1 Modal Analysis
The modal analysis, (5.19) was setup for various values of gainK, varying equally from 0
to 10. For each case the eigenvalues or dynamic modes where calculated, and are displayed in the
figures Fig.5.2 and Fig.5.3 for IEEE 57­bus and IEEE 118­bus, respectively.
In Figs. 5.2(a) and 5.3(a), all the dynamic modes of each simulation setup are shown,
whereas the other graphs focus on more dominant modes–closer to the y­axis and therefore with
slower damping–to clearly exhibit the impacts of DFDC. All the results, suggest that the oscillatory
modes shift towards the left hand side as the gainK increases, which means that these modes will
damp faster as K grows.
Fig. 5.2(d) illustrate that the most dominant dynamic mode of the IEEE 57­bus test case has
an oscillation frequency of 17.12/2π = 2.77 Hz and a damping ratio of 0.00073694 Neper when
DFDC is not applied. When DFDC is applied the damping ratio of this mode increases to 0.125
Neper for K = 10, resulting in damping of this mode 47­times higher. Other dominant mode has
a frequency 473.1/2π = 75.3Hz with a damping of 0.0014631 with no DFDC and 0.074867 with
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DFDC with a gain K=10. That is, aplying the control damps this mode 51 times faster. For the
IEEE 118­bus test system, Fig. 5.3(d) illustrates that all the low­frequency modes are significantly
damped. Themost dominant mode after DFDC is applied has a frequency of 6.267/2π = 0.997Hz,
and its real value is shifted from −0.073294 without DFDC to −0.52 when DFDC withK = 10 is














Without control (K = 0) With control, (0 < K < 10) With control (K= 10)















Figure 5.2 Modal analysis results of IEEE 118­bus test case for different values of DFDC gains
K: all graphs show the same curves with different zooms to capture mode details














Without control (K = 0) With control, (0 < K < 10) With control (K = 10)















Figure 5.3 Modal analysis results of IEEE 118­bus test case for different values of DFDC gains
K: all graphs show the same curves with different zooms to capture mode details
Note that the dynamic model of both system show two modes which are not affected by
DFDC. They can be identified on Figs. 5.3(d) and 5.5(d) where cyan and red triangles coincide.
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One of these modes lies on the origin because rotor angles are included within the state variables,
and their derivatives (rotor speed deviation) are not necessarily equal to zero at the steady state.




imi), which is exactly
equal to the single dynamic mode of the lumped model of the test system. These modes also appear
in (5.18) if transmission lines are neglected–i.e. B = 0n×n. This mode does not change with DFDC
since local and average frequencies are exactly the same in a lumped system and DFDC control
signal is always zero. It proves the point that applying DFDCwith sufficiently high gain i) mitigates
the oscillatory modes completely, ii) eliminates the effects of the transmission lines on the dynamic
model of the power systems, and iii) leads the dynamic model of the power system to be equivalent
to its lumped model. Thus, the frequency response of the network with DFDC with sufficiently
high gain is a single waveform for buses’ frequencies and zero inter­area oscillations in the system.
Fig. 5.4 illustrates a histogram of all the dynamic modes binned based on their correspond­
ing damping ratio for both cases. It is seen that when DFDC gain K increases, the modes are
moved from bins of low­damping ratios to those of higher­damping ratios. This explains clearly
that DFDC contributed effectively in damping the inter­area oscillation modes. Moreover, the dy­
namic modes associated with the dynamic average consensus process–which comprises 1/3 of the
total eigenvalues–are always binned in the bin with highest damping ratio and DFDC does not af­
fect them. This observation proves these dynamic modes are damped perfectly and the averaging














































































Figure 5.4 Histogram of damping ratios of dynamic modes for (a) IEEE 57­bus and (b) 118­bus
test systems, without DFDC and with DFDC with different gains
5.3.2 Time Domain Analysis
In this section, the time domain simulations results for both IEEE test cases are presented
and discussed. A time­domain simulation based on (5.19) is built in MATLAB Simulink for this
study, and the results for IEEE 57­bus and 118­bus test systems are shown in Figs. 5.5 and 5.6,
respectively.
Figs. 5.5(a) and 5.6(a) depict the disturbances applied. Initially, the system rests at equi­
librium with zero disturbance, but they experience two sets of uniformly distributed random dis­
turbances between (−0.1, 0.1) p.u. occurring on any bus with non­zero inertia. The sum of the
individual disturbances are depicted as a blue­dashed line. In Figs. 5.5(b) and 5.6(b), the dynamic
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response of the lumped model of the power system is presented, where all the inertia and damp­
ing factors are lumped in one single bus. Since a perfect inter­area oscillation damping control
results in the dynamic response of the lumped model of the power system studied, we benchmark
the frequency response of DFDC against that of the lumped system. In Figs. 5.5(c) and 5.6(c), it is
shown that both systems without DFDC suffer from a severe inter­area oscillations. In both cases,
especially in IEEE 118­bus test system, there are some oscillatory modes which cause significant
frequency oscillations on all buses of the system. Figs. 5.5(d) and 5.6(d) illustrate the dynamic
response of both systems when DFDC with a gain K is employed. Comparing these graphs with
the ones without DFDC clearly shows remarkable damping of inter­area oscillations. Also, these
graphs show identical behaviors compared to the one associated with the lumped models shown in
Figs. 5.5(b) and 5.6(b). This proves the fact that DFDC not only mitigates the inter­area oscillations
significantly, as it also does not affect the other dynamic modes of the system, which is the mode


























































Figure 5.5 Time­domain case study for IEEE 57­bus test system: (a) power disturbance of in­
dividual buses and total disturbance of the system, (b) dynamic response of lumped
model of the network, (c) dynamic response of the network without DFDC (d) dy­

























































Figure 5.6 Time­domain case study for IEEE 118­bus test system: (a) power disturbance of in­
dividual buses and total disturbance of the system, (b) dynamic response of lumped
model of the network, (c) dynamic response of the network without DFDC (d) dy­
namic response of the network with DFDC K = 10
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5.4 Summary
In this chapter, we introduced the Distributed Frequency Deviation Control (DFDC) al­
gorithm, which works based on the cooperation between each agent and its direct neighbors, in
a incomplete network. Using solely local frequency measurements it was able to enhance inter­
area oscillation in post­disturbance scenarios. Different from the proposed solution in chapter 4,
the control implementations doesn’t require a completed connected network but only allocation of
local ESS close to the generation buses and complete cooperation among the agents that area con­
nected. The efficacy of the proposed method was demonstrated through modal analyses and time
domain simulations for IEEE 57 bus and IEEE 118 bus system.
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CHAPTER 6
CONCLUSIONS AND FUTURE WORKS
6.1 Conclusions
In this thesis, two inter­area oscillation damping solutions are proposed. The first one,
proposed in Chapter 4, works in a complete graph network , and the second in Chapter 5 in a
connected graph. Both algorithms employ the mismatch between local frequencies and system
average frequency to mitigate inter­area oscillations by adjusting the power exchange of local ESS
with the power system.
The results demonstrate that the proposed control significantly damps the inter­area modes
for either a complete or partially connected network, without affecting the other dynamic modes
of the system. The time­domain simulation results also demonstrates the efficacy of the proposed
control that not only mitigated the inter­area modes but also improved the transient stability and
frequency response of the test systems.
For both network configurations presented in Chapter 4 and 5, the time domain simulations
suggest that the damping of inter­area modes improves as the agents are more connected with each
other. Which means that a complete network, where all agents share information with each other,
provides the best performance of the proposed algorithm. As the agents lose communication the
algorithm will still perform, as far as the communication network is still a unique connected graph.
The later framework is presented in Chapter 5 and serves as a more accurate representation of a
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real network, where most the agents are communicating only with a few neighbors. Moreover, the
small signal analysis performed in both cases suggests that a higher gain of the feedback loop will
enhance the damping of the inter­area mode for all cases.
6.2 Future Directions
With the power grid going through an unprecedented transformation of its energy sources
there is an imminent need to design new control laws to make up for the inherent stability features
that will be lost as conventional synchronous generations are replaced by DER. We propose in this
thesis a robust control that has the potential to help the power grid to transition into cleaner energy
without comprising the system stability and security. There are ample research directions to pursue
within the framework we proposed in this thesis. Some of these open research areas are listed
below.
• The impact of measurement and communication delays in the damping of the existing oscil­
latory modes must be considered for a full analysis.These delays are expected to adversely
affect the oscillatory modes, so the proposed solution needs to be modified accordingly to
address them.
• Investigate the trade­off between the gain (K) of the proposed control the ESS requirements
and cost. We have noticed that higher K requires higher sizes of ESS, and thence higher
implementation cost. An optimization process will be needed to optimize the inter­oscillation
damping and ESS cost simultaneously.
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• Apply the distributed algorithm framework in other existing devices known to helpmitigating
inter­area modes such as PSS’s or FACTs devices. For instance, one idea is to feed PSS with
the mismatch between the local and network average frequencies and investigate the impacts.
60
REFERENCES
[1] F. Wilches­Bernal, R. H. Byrne, and J. Lian, “Damping of inter­area oscillations via modu­
lation of aggregated loads,” tech. rep., Sandia National Lab.(SNL­NM), Albuquerque, NM
(United States), 2019.
[2] Z. Tang, Y. Song, T. Liu, and D. J. Hill, “Distributed inter­area oscillation damping con­
trol for power systems by using wind generators and load aggregators,” arXiv preprint
arXiv:1903.10135, 2019.
[3] A. Chakrabortty, “Wide­area damping control of power systems using dynamic clustering and
tcsc­based redesigns,” IEEE Transactions on Smart Grid, vol. 3, no. 3, pp. 1503–1514, 2012.
[4] D. P. Spanos, R. Olfati­Saber, and R. M. Murray, “Distributed sensor fusion using dynamic
consensus,” in IFAC World Congress, Citeseer, 2005.
[5] D. P. Spanos, R. Olfati­Saber, and R. M. Murray, “Dynamic consensus on mobile networks,”
in IFAC world congress, pp. 1–6, Citeseer, 2005.
[6] P. W. Sauer, M. A. Pai, and J. H. Chow, Power system dynamics and stability: with syn­
chrophasor measurement and power system toolbox. John Wiley & Sons, 2017.
[7] G. Rogers, Power system oscillations. Springer Science & Business Media, 2012.
[8] S. You, G. Kou, Y. Liu, X. Zhang, Y. Cui, M. J. Till, W. Yao, and Y. Liu, “Impact of high
pv penetration on the inter­area oscillations in the us eastern interconnection,” IEEE Access,
vol. 5, pp. 4361–4369, 2017.
[9] D. A. Nguyen, P. Ubiratan, M. Velay, R. Hanna, J. Kleissl, J. Schoene, V. Zheglov, B. Kurtz,
B. Torre, and V. Disfani, “Impact research of high photovoltaics penetration using high res­
olution resource assessment with sky imager and power system simulation,” CSI RD&D3
Subtask 4.3 Final Report, 2015.
[10] P. T.Manditereza and R. Bansal, “Renewable distributed generation: The hidden challenges–a
review from the protection perspective,” Renewable and Sustainable Energy Reviews, vol. 58,
pp. 1457–1465, 2016.
[11] F. Milano, Power system modelling and scripting. Springer Science & Business Media, 2010.
61
[12] B. Kroposki, B. Johnson, Y. Zhang, V. Gevorgian, P. Denholm, B.­M. Hodge, and B. Han­
negan, “Achieving a 100% renewable grid: Operating electric power systems with extremely
high levels of variable renewable energy,” IEEE Power and Energy Magazine, vol. 15, no. 2,
pp. 61–73, 2017.
[13] Z. K. Pecenak, J. Kleissl, and V. R. Disfani, “Smart inverter impacts on california distribution
feeders with increasing pv penetration: A case study,” in 2017 IEEE Power & Energy Society
General Meeting, pp. 1–5, IEEE, 2017.
[14] C. Li, V. R. Disfani, Z. K. Pecenak, S. Mohajeryami, and J. Kleissl, “Optimal oltc voltage
control scheme to enable high solar penetrations,” Electric Power Systems Research, vol. 160,
pp. 318–326, 2018.
[15] C. Li, V. R. Disfani, H. V. Haghi, and J. Kleissl, “Coordination of oltc and smart inverters
for optimal voltage regulation of unbalanced distribution networks,” Electric Power Systems
Research, 2020.
[16] K. Uhlén, L. Vanfretti, M. De Oliveira, A. Leirbukt, V. H. Aarstrand, and J. O. Gjerde, “Wide­
area power oscillation damper implementation and testing in the norwegian transmission net­
work,” in 2012 IEEE Power and Energy Society General Meeting, pp. 1–7, IEEE, 2012.
[17] B. J. Pierre, F. Wilches­Bernal, D. A. Schoenwald, R. T. Elliott, D. J. Trudnowski, R. H.
Byrne, and J. C. Neely, “Design of the pacific dc intertie wide area damping controller,”
IEEE Transactions on Power Systems, vol. 34, no. 5, pp. 3594–3604, 2019.
[18] J. C. Neely, R. H. Byrne, R. T. Elliott, C. A. Silva­Monroy, D. A. Schoenwald, D. J. Trud­
nowski, and M. K. Donnelly, “Damping of inter­area oscillations using energy storage,” in
2013 IEEE Power & Energy Society General Meeting, pp. 1–5, IEEE, 2013.
[19] N. Patidar, M. Kolhe, N. Tripathy, B. Sahu, A. Sharma, L. Nagar, and A. Azmi, “Optimized
design of wide­area pss for damping of inter­area oscillations,” in 2015 IEEE 11th Interna­
tional Conference on Power Electronics and Drive Systems, pp. 1172–1177, IEEE, 2015.
[20] T. Prakash, V. P. Singh, and S. R. Mohanty, “A synchrophasor measurement based wide­area
power system stabilizer design for inter­area oscillation damping considering variable time­
delays,” International Journal of Electrical Power & Energy Systems, vol. 105, pp. 131–141,
2019.
[21] R. T. Elliott, P. Arabshahi, and D. S. Kirschen, “A generalized pss architecture for balancing
transient and small­signal response,” IEEE Transactions on Power Systems, 2019.
[22] D. Ke and C. Chung, “Design of probabilistically­robust wide­area power system stabilizers
to suppress inter­area oscillations of wind integrated power systems,” IEEE Transactions on
Power Systems, vol. 31, no. 6, pp. 4297–4309, 2016.
[23] Y. Zhang and A. Bose, “Design of wide­area damping controllers for interarea oscillations,”
IEEE transactions on power systems, vol. 23, no. 3, pp. 1136–1143, 2008.
62
[24] S. Wasti, P. Ubiratan, S. Afshar, and V. Disfani, “Distributed dynamic economic dispatch
using alternating direction method of multipliers,” arXiv preprint arXiv:2005.09819, 2020.
[25] V. R. Disfani, L. Fan, and Z. Miao, “Distributed dc optimal power flow for radial networks
through partial primal dual algorithm,” in 2015 IEEE Power & Energy Society General Meet­
ing, pp. 1–5, IEEE, 2015.
[26] Z. Wang, F. Liu, S. H. Low, C. Zhao, and S. Mei, “Distributed frequency control with opera­
tional constraints, part i: Per­node power balance,” IEEE Transactions on Smart Grid, vol. 10,
no. 1, pp. 40–52, 2017.
[27] L. Xing, Y. Mishra, Y.­C. Tian, G. Ledwich, H. Su, C. Peng, and M. Fei, “Dual­consensus­
based distributed frequency control for multiple energy storage systems,” IEEE Transactions
on Smart Grid, vol. 10, no. 6, pp. 6396–6403, 2019.
[28] W. Zhang, W. Liu, X. Wang, L. Liu, and F. Ferrese, “Online optimal generation control based
on constrained distributed gradient algorithm,” IEEE Transactions on Power Systems, vol. 30,
no. 1, pp. 35–45, 2014.
[29] Y. Xu, W. Zhang, W. Liu, X. Wang, F. Ferrese, C. Zang, and H. Yu, “Distributed subgradient­
based coordination of multiple renewable generators in a microgrid,” IEEE Transactions on
Power Systems, vol. 29, no. 1, pp. 23–33, 2013.
[30] L. Kempton, G. Herrmann, and M. di Bernardo, “Distributed optimisation and control of
graph laplacian eigenvalues for robust consensus via an adaptive multilayer strategy,” Inter­
national Journal of Robust and Nonlinear Control, vol. 27, no. 9, pp. 1499–1525, 2017.
[31] S. Wasti, “Distributed online algorithms for energy management in smart grids,”UTCMaster
Thesis, 2020.
[32] S. S. Kia, B. Van Scoy, J. Cortes, R. A. Freeman, K. M. Lynch, and S. Martinez, “Tutorial
on dynamic average consensus: The problem, its applications, and the algorithms,” IEEE
Control Systems Magazine, vol. 39, no. 3, pp. 40–72, 2019.
[33] L. Xiao and S. Boyd, “Fast linear iterations for distributed averaging,” Systems & Control
Letters, vol. 53, no. 1, pp. 65–78, 2004.
[34] Y. Xu and W. Liu, “Novel multiagent based load restoration algorithm for microgrids,” IEEE
Transactions on Smart Grid, vol. 2, no. 1, pp. 152–161, 2011.
[35] P. Kundur, N. J. Balu, and M. G. Lauby, Power system stability and control, vol. 7. McGraw­
hill New York, 1994.
[36] P. Macedo, S. Wasti, and V. Disfani, “Frequency deviation controller for inter­area oscilla­
tions damping in smart grids,” in 2021 IEEE Power & Energy Society Innovative Smart Grid
Technologies Conference (ISGT), pp. 1–5, IEEE, 2021.
63
[37] B. K. Poolla, S. Bolognani, and F. Dörfler, “Optimal placement of virtual inertia in power
grids,” IEEE Transactions on Automatic Control, vol. 62, no. 12, pp. 6209–6220, 2017.
[38] F. Dorfler and F. Bullo, “Kron reduction of graphs with applications to electrical networks,”
IEEE Transactions on Circuits and Systems I: Regular Papers, vol. 60, no. 1, pp. 150–163,
2013.
[39] J. Schiffer, D. Goldin, J. Raisch, and T. Sezi, “Synchronization of droop­controlledmicrogrids
with distributed rotational and electronic generation,” in 52nd IEEE Conference on Decision
and Control, pp. 2334–2339, IEEE, 2013.
[40] H.­P. Beck and R. Hesse, “Virtual synchronous machine,” in 2007 9th International Confer­
ence on Electrical Power Quality and Utilisation, p. 1–6, Oct 2007.
[41] P. Macedo, S. Wasti, and V. Disfani, “Distributed inter­area oscillation damping control via
dynamic average consensus algorithm,” in 2020 IEEE International Conference on Commu­




REUSE PERMISSIONS FOR CONTEND IN CHAPTER 4
65
5/10/2021 Rightslink® by Copyright Clearance Center
https://s100.copyright.com/AppDispatchServlet#formTop 1/1
Home Help Live Chat Sign in Create Account
© 2021 Copyright - All Rights Reserved |  Copyright Clearance Center, Inc. |  Privacy statement | Terms and Conditions
RightsLink
Frequency Deviation Controller for Inter-Area Oscillations Damping in
Smart Grids
Conference Proceedings:
2021 IEEE Power & Energy Society Innovative Smart Grid Technologies Conference (ISGT)
Author: Pablo Macedo
Publisher: IEEE
Date: 16 Feb. 2021
Copyright © 2021, IEEE
Thesis / Dissertation Reuse
The IEEE does not require individuals working on a thesis to obtain a formal reuse license, however, you may
print out this statement to be used as a permission grant:  
Requirements to be followed when using any portion (e.g.,  gure, graph, table, or textual material) of an IEEE
copyrighted paper in a thesis: 
1) In the case of textual material (e.g., using short quotes or referring to the work within these papers) users must
give full credit to the original source (author, paper, publication) followed by the IEEE copyright line © 2011 IEEE.  
2) In the case of illustrations or tabular material, we require that the copyright line © [Year of original publication]
IEEE appear prominently with each reprinted  gure and/or table.  
3) If a substantial portion of the original paper is to be used, and if you are not the senior author, also obtain the
senior author's approval.  
Requirements to be followed when using an entire IEEE copyrighted paper in a thesis:  
1) The following IEEE copyright/ credit notice should be placed prominently in the references: © [year of original
publication] IEEE. Reprinted, with permission, from [author names, paper title, IEEE publication title, and month/year
of publication]  
2) Only the accepted version of an IEEE copyrighted paper can be used when posting the paper or your thesis on-
line. 
3) In placing the thesis on the author's university website, please display the following message in a prominent place
on the website: In reference to IEEE copyrighted material which is used with permission in this thesis, the IEEE does
not endorse any of [university/educational entity's name goes here]'s products or services. Internal or personal use
of this material is permitted. If interested in reprinting/republishing IEEE copyrighted material for advertising or
promotional purposes or for creating new collective works for resale or redistribution, please go to
http://www.ieee.org/publications_standards/publications/rights/rights_link.html to learn how to obtain a License
from RightsLink.  
If applicable, University Micro lms and/or ProQuest Library, or the Archives of Canada may supply single copies of
the dissertation.
BACK CLOSE WINDOW
Comments? We would like to hear from you. E-mail us at customercare@copyright.com
Figure A.1 Reuse permission for [36]
66
APPENDIX B
REUSE PERMISSIONS FOR CONTEND IN CHAPTER 5
67
Figure B.1 Reuse permission for [41].
68
VITA
PabloMacedo received the B.Eng. degree in electrical engineering from Federal University
of Technology at Paraná, Brazil in 2018. Since 2019 he has been working towards the M.S. degree
in electrical engineering at the University of Tennessee at Chattanooga, United States. During the
years of 2014 and 2015 he was an exchange student to the University of California at San Diego
(UCSD), while he was engaged as Undergrad Assistant Researcher at Center for Energy Research
(CER) at the same university.
He is currently working for the Electrical Power Research Institute in Palo Alto, in the
Synchrophasor Applications research group. His research fields of interest are: integration of dis­
tributed energy resources, frequency control design, and synchrophasor applications.
69
